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ABSTRACT: This paper aims to take full advantage of corrosion data and deeply analyze corrosion law. The genetic algorithm
(GA) was introduced to improve the back propagation (BP) artificial neural network (ANN), with a view to overcome the in-
herent defect of ANN and increase prediction accuracy and training speed. In this paper, a brief interpretation of GA-BP artifi-
cial neural network was given. And based on the corrosion data of copper in marine environment, the GA-BP artificial neural
network method was applied to the building process of marine corrosion prediction model. The experimental results showed that
the model can meet the design requirements and had good generalization ability.
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Fig.1 Typical structure of BP neural network
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Fig.2 Algorithm flow of genetic algorithm
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Tab.1 Results of corrosion data processing
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Tab.2 Prediction results analysis
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Fig.4 Error distribution of marine corrosion prediction value
of copper alloys: a) deviation distribution of sample set;
b) deviation distribution of test set
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